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Artificial intelligence (AI) and Al care robots are rapidly changing the healthcare landscape in part
because of the growing physical, intellectual and emotional demands of nursing as well as technological
advances. As technology becomes more advanced, efficient, and economical, opportunities and pressure to
introduce Al into nursing care will only increase. Under these conditions, there is an urgent need to
consider principles according to which interventions ought to be provided by a human or Al devices.

Nurses have traditionally been regarded as clinicians that deliver compassionate, safe, and empathetic
health care (Brenan, 2018). Caring is a fundamental characteristic, expectation, and moral obligation of
the nursing and caregiving professions and, thus once the caregiver—patient relationship has been
created, there exists a moral obligation and to cave for patients (American Nurses Association, 2015).

Along with caring, nurses are expected to undertake ever-expanding duties and complex tasks. Nurses
are responsible for collecting data, determining diagnoses, making nursing carve plans, executing care
based on best practices, using critical and clinical decision-making skills, safeguarding patient safety,
providing patient assessments, patient education, just “being” with the patient, and a host of other less
valued but essential tasks and activities, including stocking rooms, gathering supplies, obtaining labs
and performing light housekeeping in patients rooms (Clipper, Batcheller, Thomaz, & Rozga, 2018; Liao,
Hsu, Chu, & Chu, 2015). In many care settings, nurses face patients with chronic illness, complex patient
and family dynamies, in addition to institutional pressures for shorter patient admissions (Clipper et al,
2018). These acts of nursing practice are critical to patient outcomes as well as to the daily functions of
many hospital organizations. Yet, the design, development, and implementation of Al into healthcare
practice are often done without consideration or input from nurses.

Etzioni and Etzioni (2017) have argued that the correct model for introducing Al into nursing care uses
Al as partners, not substitutes, and tasks are appropriately divided between human and Al caregiver
according to relative competence (ie., comparative advantage). While we agree that the partnership
model is broadly correct, the relative competence criteria for assigning tasks risks having efficiency
overshadow caring as the central feature of nursing practice. In this article, we argue that an ethical
division of tasks between AI and human caregivers maintains caring as the core value and practice of
nursing and protects or expands opportunities for caring acts, expressions and attitudes. Although much
of our discussion involves nursing, our conclusions extend to caregiving professions generally.

In this article, we initially review recent and existing applications of Al in nursing and speculate on
future use. Second, we situate our ethical arguments within the recent literature on the ethics of nursing

and Al Third, we explore three dominant theories of ethics of caring and the two paradigmatic
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expressions of caring (touch and presence) and conclude that Al—at least for the foreseeable future—is
incapable of caring in the sense central to nursing and ethics of caring. In the fourth section, we argue for
two points® first, the comparative advantage principle for dividing interventions risks undermining
caring as the central value and practice of nursing, Second, we offer an ontology of caregiving activities
that captures the distinction between caring and non-caring interventions and suggest how these can be
divided according to this ontology. Following this analysis, we will conclude that for AI to be
implemented ethically, it must meet three eriteria’ (a) It cannot transgress the core values of nursing nor
the standard values and principles of bicethics. (b) It cannot usurp aspects of caring that can only
meaningfully be carried out by human beings. {¢) It must support, open or improve opportunities for

nurses to provide the uniquely human aspects of care.

(ti#  Felicia Stokes JD, Amitabha Palmer MA. Artificial Intelligence and Robotics in Nursing: Ethics
of Caring as a Guide to Dividing Tasks Between Al and Humans, Nursing Philosophy, 21(4), 2020)
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Background

Discharge planning is a routine feature of health systems in many countries that aims to reduce delayed
discharge from hospital, and improve the co-ordination of services following discharge from hospital and
reduce the risk of hospital readmission. This is the fifth update of the original review.

Objectives

To assess the effectiveness of planning the discharge of individual patients moving from hospital.
Search methods

We searched CENTRAL, MEDLINE, Embase and two trials registers on 20 April 2021. We searched two
other databases up to 31 March 2020. We also conducted reference checking, citation searching and
contact with study authors to identify additional studies.

Selection criteria

Randomised trials that compared an individualised discharge plan with routine discharge that was not
tailored to individual participants. Participants were hospital inpatients.

Data collection and analysis

Two review authors independently undertook data analysis and quality assessment using a pre-designed

data extraction sheet. D)We grouped studies by older people with a medical condition, people recovering
from surgery, and studies that recruited participants with a mix of conditions. We calculated risk ratios

(RRs) for dichotomous outcomes and mean differences (MDs) for continuous data using fixed-effect
meta-analysis. When combining outcome data it was not possible because of differences in the reporting
of outcomes, we summarised the reported results for each trial in the text.

Main results

We included 33 trials (12,242 participants), four new trials included in this update. Z)The majority of

trials (N = 30) recruited participants with a medical diagnosis, average age range 60 to 84 vears; four of
these trials also recruited participants who were in hospital for a surgical procedure. Participants
allocated to discharge planning and who were in hospital for a medical condition had a small reduction in
the initial hospital length of stay (MD - 0.73, 95% confidence interval (CI) — 1.33 to — 0.12; 11 trials,

2113 participants; moderate-certainty evidence), and a relative reduction in readmission to hospital over
an average of three months follow-up (RR 0.89, 95% CI 0.81 to 0.97; 17 trials, 5126 participants;
moderate-certainty evidence). There was little or no difference in participant's health status (mortality at
three- to nine-month follow-up: RR 1.05, 95% CI 0.85 to 1.29; 8 trials, 2721 participants; moderate
certainty) functional status and psychological health measured by a range of measures, 12 studies, 2927
participants; low certainty evidence). There was some evidence that satisfaction might be increased for
patients (7 trials), caregivers (1 trial) or healthcare professionals (2 trials) (very low certainty evidence).
The cost of a structured discharge plan compared with routine discharge is uncertain (7 trials recruiting
7873 participants with a medical condition; very low certainty evidence).

Authors' conclusions

A structured discharge plan that is tailored to the individual patient probably brings about a small
reduction in the initial hospital length of stay and readmissions to hospital for older people with a
medical condition, may slightly increase patient satisfaction with healthcare received. The impact on

patient health status and healtheare resource use or cost to the health service is uncertain
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(i34 : Daniela C Gongalves-Bradley, Natasha A Lannin, Lindy Clemson, Ian D Cameron, Sasha

Shepperd Discharge planning from hospital, Cochrane Database of Systematic Reviews2022, [ssue 2.
Art. No.: CD000313. DOI: 10.1002/14651858.CD000313.pub6. )
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